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Author Questionnaire
1. Microscopy: Does your protocol require the use of a dissecting or stereomicroscope for performing a complex dissection, microinjection technique, or something similar?  NO  

2. Software: Does the part of your protocol being filmed include step-by-step descriptions of software usage?  Yes 
If Yes, we will need you to record using screen recording software.
We recommend using the screen capture program OBS. JoVE’s tutorial for using OBS Studio is provided at this link: https://review.jove.com/v/5848/screen-capture-instructions-for-authors?status=a7854k
As these files are necessary for finalizing your script, please upload all screen-captured video files to your project page as soon as possible.

3. Filming location: Will the filming need to take place in multiple locations?   NO

4. Testimonials (optional): Would you be open to filming two short testimonial statements live during your JoVE shoot? These will not appear in your JoVE video but may be used in JoVE’s promotional materials. Yes


Current Protocol Length
Number of Steps:  25
Number of Shots:  47 (46 SC) 

Interviews
Videographer: Obtain headshots for all authors available at the filming location. 


Authors: Please note that the questions will not appear on screen. Please answer in stand-alone full sentence with sufficient context

INTRODUCTION:

REQUIRED: Summarize your research focus and the main questions it aims to answer.
1.1. Seongkyun Seo: Our research explores how executives and practitioners differ in driving the artificial intelligence transformation, and which capabilities most strongly shape the performance.
1.1.1. INTERVIEW: Named talent says the statement above in an interview-style shot, looking slightly off-camera

Describe the research contexts or systems in which this protocol can be applied.
1.2. Seongkyun Seo: This protocol applies to any organization adopting artificial intelligence, where comparing the leadership and frontline perspectives reveals hidden barriers to success.
1.2.1. INTERVIEW: Named talent says the statement above in an interview-style shot, looking slightly off-camera
CONCLUSION:
What does this protocol allow researchers to study or measure?
1.3. Seongkyun Seo: This protocol measures the capabilities, proactive leadership, and environmental context and tests their joint effect on artificial intelligence transformation performance.
1.3.1. INTERVIEW: Named talent says the statement above in an interview-style shot, looking slightly off-camera

Describe the most important consideration or challenge when performing this protocol.
1.4. Seongkyun Seo: Establishing measurement invariance across the executive and practitioner groups is essential before drawing valid conclusions from the multi-group structural model comparisons.
1.4.1. INTERVIEW: Named talent says the statement above in an interview-style shot, looking slightly off-camera


How can future studies build on this work? Describe the questions or research directions that can be investigated next.
1.5. Seongkyun Seo: Future studies can examine middle managers, cross-cultural contexts, and longitudinal effects to deepen the understanding of hierarchical asymmetries in transformation.
1.5.1. INTERVIEW: Named talent says the statement above in an interview-style shot, looking slightly off-camera


Videographer: Obtain headshots for all authors available at the filming location.


`Testimonial Questions (OPTIONAL): 

Videographer: Please capture all testimonial shots in a wide-angle format with sufficient headspace, as the final videos will be rendered in a 1:1 aspect ratio. Testimonial statements will be presented live by the authors, sharing their spontaneous perspectives.

· Testimonial statements will not appear in the video but may be featured in the journal’s promotional materials.
· Provide the full name and position (e.g., Director of [Institute Name], Senior Researcher [University Name], etc.) of the author delivering the testimonial. 
· Please answer the testimonial question live during the shoot, speaking naturally and in your own words in complete sentences.


What problem in your field of research does your JoVE article address?
1.6. Seongkyun Seo, Ph.D Student (authors will present their testimonial statements live)
1.6.1. INTERVIEW: Named talent says the statement above in an interview-style shot, looking slightly off-camera


How does the video format of your article help you to share your work with the broader scientific community?
1.7. Seongkyun Seo, Ph.D Student : (authors will present their testimonial statements live)
1.7.1. INTERVIEW: Named talent says the statement above in an interview-style shot, looking slightly off-camera




[bookmark: _Hlk201651599]Authors: Could you please also deliver the above statements in Korean?
Videographer: Please film the testimonials in both English and Korean….





Protocol  
Videographer: Please always record an audio slate while filming each shot mentioned in the shotlist.
NOTE: Please display this as a title card with plain background before the protocol section

Participant Recruitment and Sample Overview
· Online survey via Prolific (recruitment) and Qualtrics (hosting) 
· Participants: Employed professionals involved in AI projects 
· Eligibility verification: Platform filters + screening questions 
· Final sample: 293 participants 
· Roles: Executives and Practitioners 
· Final groups: 112 Executives, 181 Practitioners


2. Pretesting and Validation of Survey Instruments for AI Research
Demonstrator: Seongkyun Seo 

2.1. To begin, obtain the required survey data to understand how organizations succeed with AI by comparing executives’ and practitioners’ perspectives [1].
2.1.1. WIDE: Talent taking a seat at the computer table and opening the datasets. Videographer: Please obtain CU shot as well for this shot.

2.2. Measure all survey items using a 7-point Likert scale ranging from strongly disagree 1 to strongly agree 7 [1].
2.2.1. LAB MEDIA: Table 2 Video editor: Highlight the “Scale” column

Authors: While recording the screen capture shots, please hover the cursor over the area or parameter being talked about at each shot/step or highlight the text if interest on the screen


[bookmark: _Hlk162020732][bookmark: _Hlk203170338][bookmark: _Hlk162020892][bookmark: _Hlk203166143]Authors: Please create screen capture videos of the shots labeled as SCREEN, write a screenshot summary, and upload the files to your project page as soon as possible: 


2.3. Conduct a pretest with 30 respondents recruited through Prolific who report active engagement in artificial intelligence-related projects within their organizations [1].
2.3.1. SCREEN: Show Prolific participant filter criteria and sample size confirmation.

2.4. Review pretest responses to identify ambiguous items [1].
2.4.1. SCREEN: Show pretest responses highlighting ambiguous items.

2.5. Next, test hypotheses using Partial Least Squares Structural Equation Modeling estimated in SmartPLS 4.0 (smart P-L-S 4) [1].	Comment by Poornima  G: Authors: Please check if the pronunciation guide is correct
2.5.1. SCREEN: Show the SmartPLS 4.0 interface with a Partial Least Squares Structural Equation Modeling analysis.

2.6. Specify Capabilities and Enablers as formative second-order constructs in the model [1] and apply variance-based estimation suited to this configuration [2].
2.6.1. SCREEN: Show the model with Capabilities and Enablers defined as formative second-order constructs.
2.6.2. SCREEN: Show variance-based estimation selected in the analysis settings.

2.7. Emphasize predictive analysis due to the emerging nature of perceptual asymmetries in artificial intelligence transformation [1]. Prioritize prediction over optimization of confirmatory fit indices [2].
2.7.1. SCREEN: Show analysis settings emphasizing prediction.
2.7.2. SCREEN: Show confirmatory fit indices de-emphasized in the output.

2.8. Account for subgroup size differences between Executives number 112 and Practitioners number 181 [1]. Use variance-based estimation that is not constrained by minimum cell-size requirements [2]. 

2.8.1. SCREEN: Show subgroup sizes of Executives number 112 and Practitioners number 181.
2.8.2. SCREEN: Show variance-based estimation applied without minimum cell-size constraints.



3. PLS-SEM Model Estimation and Multi-Group Analysis in SmartPLS


3.1. Configure the Partial Least Squares algorithm in SmartPLS 4.0 with path weighting. Set the maximum number of iterations to 300 and define the stop criterion as 10 to the power of minus 7 [1].
3.1.1. SCREEN: Show path weighting, 300 iterations and the defined stop criterion.

3.2. Perform bootstrapping with 5000 subsamples using bias-corrected and accelerated confidence intervals. Select no sign changes and complete bootstrapping options [1].
3.2.1. SCREEN: Show bootstrapping settings with 5000 subsamples, bias-corrected and accelerated confidence intervals, no sign changes, and complete bootstrapping.

3.3. Run the Partial Least Squares algorithm on the first-order measurement model by selecting Calculate and choosing PLS Algorithm to obtain Stage 1 latent variable scores [1].
3.3.1. SCREEN: Show navigation to Calculate > PLS Algorithm and execution on the first-order model.

3.4. Then, export the latent variable scores by selecting Results and choosing Latent Variable Scores [1]. Use these scores as manifest indicators for second-order constructs in the next stage [2].
3.4.1. SCREEN: Show navigation to Results > Latent Variable Scores and exporting the scores.
3.4.2. SCREEN: Show imported latent variable scores used as indicators for second-order constructs.

3.5. Execute permutation-based multi-group analysis by selecting Calculate, choosing Multi-Group Analysis, and then selecting Permutation. Set the number of permutations to 1000 and apply a two-tailed significance level of 0.05 [2].
3.5.1. SCREEN: Show navigation to Calculate > Multi-Group Analysis > Permutation with 1000 permutations and a two-tailed significance level of 0.05.

3.6. Conduct measurement invariance testing by selecting Calculate and choosing Permutation, then selecting MICOM (my-com). Set the number of permutations to 1000 [2].
3.6.1. SCREEN: Show navigation to Calculate > Permutation > MICOM with 1000 permutations.

3.7. Next, perform finite mixture Partial Least Squares segmentation by selecting Calculate and choosing FIMIX-PLS (fee-mix-P-L-S). Set the number of repetitions to 10 and apply a fixed seed for reproducibility [1].
3.7.1. SCREEN: Show navigation to Calculate > FIMIX-PLS with 10 repetitions and a fixed seed.

3.8. Evaluate construct-level path relationships across the full sample using Partial Least Squares Structural Equation Modeling [1]. Support between-group comparisons through multi-group analysis [2].
3.8.1. SCREEN: Show path model results for the full sample.
3.8.2. SCREEN: Show multi-group analysis comparison results.

3.9. Examine path-level results to identify patterns that warrant further theoretical examination [1].
3.9.1. SCREEN: Show path-level output highlighting notable patterns for interpretation.


4. Higher-Order Construct Modeling and Structural Analysis Using Two-Stage PLS-SEM


4.1. Specify Capabilities and Enablers as formative second-order constructs in the model [1]. Define Capabilities to aggregate reconfiguration capability, artificial intelligence-oriented data and system readiness, market and customer proximity, and strategic process discipline [2]. Define Enablers to combine artificial intelligence-sensitive risk tolerance and technology-sensitive innovation culture [3].
4.1.1. SCREEN: Show the model with Capabilities and Enablers defined as second-order constructs.
4.1.2. SCREEN: Show Capabilities linked to its four first-order dimensions.
4.1.3. SCREEN: Show Enablers linked to its two first-order dimensions.

4.2. Then, estimate second-order constructs using the two-stage approach recommended for higher-order Partial Least Squares Structural Equation Modeling [1]. Distinguish this approach from the repeated indicator approach where all first-order indicators are duplicated at the second-order level in a single estimation step [2].
4.2.1. SCREEN: Show selection of the two-stage approach for higher-order modeling.
4.2.2. SCREEN: Show a comparison highlighting the repeated indicator approach with duplicated indicators.

4.3. Generate latent variable scores for each first-order construct from its respective indicator set in the first stage [1]. Use these scores as manifest inputs for the corresponding second-order constructs in the second stage [2].
4.3.1. SCREEN: Show latent variable scores generated for first-order constructs.
4.3.2. SCREEN: Show latent variable scores used as inputs for second-order constructs.

4.4. Next, apply permutation-based multi-group analysis to examine group differences in structural relationships [1]. Evaluate associations between Capabilities and Performance, Proactive Leadership and Capabilities, Environmental Context and Capabilities, and Enablers and Capabilities across organizational position groups [2].
4.4.1. SCREEN: Show permutation-based multi-group analysis setup.
4.4.2. SCREEN: Show structural paths compared across groups.

4.5. Use the multi-group analysis function embedded within SmartPLS to perform the analysis [1]. Present the questionnaire content as summarized in the table [2].
4.5.1. SCREEN: Show the SmartPLS multi-group analysis interface.
4.5.2. LAB MEDIA: Table 2. Video editor: The table is huge. Please display it in halves, one after the other.


4.6. Insert 2 attention-check items into the final survey to screen participant responses [1]. 
4.6.1. SCREEN: Show insertion of 2 attention-check items in the survey.	Comment by 성균 서: On Qualtrics	Comment by Poornima  G: Authors: Is it possible to show this one?



Results
5. Results 	Comment by Poornima  G: Authors: The result section is revised at many places. Please review each step and confirm if it is correct

5.1. The results demonstrated adequate measurement validity and supported the hypothesized relationships in the model [1]. Cronbach’s alpha ranged from 0.689 to 0.832 [2], composite reliability ranged from 0.858 to 0.882 [3], and average variance extracted exceeded 0.5 for all constructs [4].	Comment by Poornima  G: Authors: The Results text appears to report reliability ranges that do not include the final DV construct. Was DV excluded from these ranges? Please clarify 
5.1.1. LAB MEDIA: Table 3
5.1.2. LAB MEDIA: Table 3. Video editor: Highlight the column labeled “Cronbach’s alpha”
5.1.3. LAB MEDIA: Table 3. Video editor: Highlight the column labeled “CR (ρ_c)”
5.1.4. LAB MEDIA: Table 3. Video editor: Highlight the column labeled “AVE” 

5.2. Discriminant validity was established through the correlation analysis [1].
5.2.1. LAB MEDIA: Table 4. 

5.3. For all 11 constructs, the observed composite correlations exceeded the 5th-percentile permutation boundary, confirming full compositional invariance [1].
5.3.1. LAB MEDIA: Table 5. Video editor: Highlight all rows in the “Step 2: Compositional Invariance” section, including the “Orig. r,” “5% CI,” and “p” columns.

5.4. Composite mean scores differed significantly between groups for most of the constructs [1], while AI-Oriented Data and IS Readiness, Market and Customer Awareness, and Strategic Process Discipline were not significantly different [2].
5.4.1. LAB MEDIA: Table 5. Video editor: Highlight the “p” column under “Step 3a: Mean Equality” for the rows AS, Capabilities, DV, Enablers, Environmental Context, PL, RC, and TS.
5.4.2. LAB MEDIA: Table 5. Video editor: Highlight the “p” column under “Step 3a: Mean Equality” for the rows DR, MC, and SP.

5.5. Variances were comparable for all constructs [1], except Proactive Leadership, which showed a significant variance difference [2].
5.5.1. LAB MEDIA: Table 5. Video editor: Highlight the “p” column under “Step 3b: Variance Equality” for all construct rows except the row PL.
5.5.2. LAB MEDIA: Table 5. Video editor: Highlight the PL row in the “Step 3b: Variance Equality” section under the “p” value column.

5.6. All the heterotrait-monotrait ratios remained below 1 [1].
5.6.1. LAB MEDIA: Table 6. 


5.7. Capabilities showed a significant positive association with perceived performance, supporting Hypothesis 1 [1].
5.7.1. LAB MEDIA: Table 8. Video editor: Highlight the row “CA → DV” 

5.8. Proactive leadership showed a modest positive association with capabilities, supporting Hypothesis 2 [1].	Comment by Poornima  G: Authors: Table 8 indicates that only H1 is supported, while H2, H3, and H4 are listed as not supported. 
However, the manuscript text appears to state that H2–H4 are supported. Please clarify whether the table or the text is correct 
5.8.1. LAB MEDIA: Table 8. Video editor: Highlight the row “PL → CA”

5.9. Environmental context was positively associated with capabilities, supporting H3 [1].
5.9.1. LAB MEDIA: Table 8. Video editor: Highlight the row “EC → CA”

5.10. Enablers were positively associated with capabilities [1], supporting H4 [2].
5.10.1. LAB MEDIA: Table 8. Video editor: Highlight the row “EN → CA”
5.10.2. LAB MEDIA: Table 8. Video editor: Highlight the “Support” column showing that H4 is supported

5.11. Permutation-based multi-group analysis revealed no statistically significant differences in structural path coefficients between executives and practitioners across all paths [1].
5.11.1. LAB MEDIA: Table 9. Video editor: Highlight the column with “p-value” and “result” columsn

5.12. Both executives [1] and practitioners showed positive associations between capabilities and performance [2].
5.12.1. LAB MEDIA: Table 10. Video editor: Highlight the row “CA → DV” for executives
5.12.2. LAB MEDIA: Table 11. Video editor: Highlight the row “CA → DV” for practitioners

5.13. Capabilities had the highest importance as a predecessor of AI transformation performance across all groups [1].
5.13.1. LAB MEDIA: Table 12. Video editor: Highlight the row “Capabilities (CA)” under the 3 “importance” columns

5.14. In the Importance-Performance Map Analysis results, executives showed higher performance scores [1] than practitioners across key constructs [2]. For AI capability, the executive performance score was 82.23 [3], compared with 79.06 for practitioners [4]. This indicates stronger perceived AI capability performance among executives [5].
5.14.1. LAB MEDIA: Table 12. Video editor: Highlight the column “performance” under “Executives”
5.14.2. LAB MEDIA: Table 12. Video editor: Highlight the column “performance” under “Practitioners”
5.14.3. LAB MEDIA: Table 12. Video editor: Highlight the column “performance” under “Executives” for the row CA showing 82.23
5.14.4. LAB MEDIA: Table 12. Video editor: Highlight the column “performance” under “Practitioners” for CA row showing 79.06


[bookmark: _Hlk215154137][bookmark: _Hlk215844323]NOTE to the Authors:

You have two options for filming and submitting the SCREEN footage:

Option 1: Uploading Separate Clips (Highly Recommended)

Please upload a separate video file for each SCREEN shot (tagged as SCREEN), naming the file according to the shot number (e.g., 2.4.3, 1.5.1, 3.2.1, 3.1.3, etc.).

- Each clip must be a maximum of 20 to 25 seconds to match the voice narration.
- If an action takes longer, provide only the best, most representative 20-25 second segment.
- Please do not provide longer clips as we won’t be able to use them.



Option 2: Uploading a Single Continuous Video

If you prefer to record all steps together and upload a single video file, that is acceptable. In this case, you must write the precise timestamp for each shot within the script.

For example, if the action described in shot 2.13.1 is present in the file xxx.mp4 and occurs between timestamps 00:30 and 00:45 , then write the following in the script after each shot description or as a comment bubble.
(write the file name and timestamp after each shot): [File name] [Start Time]-[End Time]
 

- Example 	2.13.1  SCREEN: performing ...........action. xxx.mp4 00:30-00:45
2.13.2, SCREEN: cutting the…..........action. xxx.mp4 01:10-01:20

- The duration between the start and end times for each shot must be limited to 20 to 25 seconds.

- If a shot is longer than 25 seconds, choose two short segments (one at the beginning and one at the end) that collectively do not exceed 25 seconds.
- Example: 3.1.1 SCREEN: inserting a needle... xxx.mp4 00:00-00:10 and 02:30-02:40
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